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How to use this template
This template helps you write a Marketing Mix Modeling RFP that surfaces the differences that actually predict success, rather than inviting every vendor to answer “yes, we do that.”
Work through the nine sections below. Replace every [bracketed] prompt with your own detail, keep the vendor questions you want answered, and delete any that do not apply. The shaded boxes are where you write; the blue question lists are what you ask each vendor.
Before issuing the RFP, agree the weighting in the Vendor Scorecard at the end, so you score on your priorities rather than on the most polished proposal. Treat any reluctance to prove the approach on your own data as a meaningful signal in itself.


Section A: The request
1. Background and objectives
Set the context so vendors can tailor their response. Explain your business, what decisions the model must inform, and what success looks like.
[Describe your business, the marketing decisions MMM must inform, the markets/brands/channels in scope, and your definition of success in 12 months.]
Questions for vendors
1. What decisions will the model inform, and for whom?
1. Which markets, brands and channels are in scope?
1. What does success look like in the first 12 months?

2. Your data and technology stack
Describe the data you hold and where it lives, so vendors can assess fit and integration effort.
[List your data sources, history and granularity available, and your data warehouse / stack, e.g. Snowflake, BigQuery.]
Questions for vendors
1. How will the model integrate with our data warehouse and stack?
1. What is the effort to build and maintain the data pipeline?
1. Is individual-level data required, or is aggregated data sufficient?

3. Methodology requirements
Ask vendors to be specific about how the model works and how it stays current.
[State any methodology requirements or constraints, and the level of explainability your stakeholders need.]
Questions for vendors
1. What modelling approach is proposed, and why?
1. How are adstock, saturation and the long-term base handled?
1. Can you walk our finance team through how a result is derived?
1. How do you represent uncertainty in the estimates?

4. Operating model and cadence
Establish how often the model refreshes and who runs it, since cadence determines whether output informs live decisions.
[Describe your planning rhythm and how frequently you reallocate budget, so vendors can match cadence to it.]
Questions for vendors
1. Is the model rebuilt periodically or refreshed continuously?
1. How many days from period close to usable output?
1. Who runs the model day to day, you or us?
1. How is the model maintained as our channel mix shifts?

5. Validation and causality
Test how the vendor grounds the model in causal evidence rather than correlation.
[Note any experiments you run (geo-lift, conversion-lift) that could calibrate the model.]
Questions for vendors
1. How do you calibrate the model with geo-lift or conversion-lift tests?
1. Can you give an example where a test changed the model’s read?
1. How is accuracy measured and reported over time?

6. Transition and in-housing
If owning the capability matters, make the path explicit and ask how the vendor enables it.
[State whether in-housing is a goal, and your team’s current data science capability.]
Questions for vendors
1. Can we bring the capability in-house over time, and how?
1. What structured training and enablement do you provide?
1. How long until our team can run and validate the model itself?
1. What is the path from managed delivery to in-house ownership?

7. Tools and access
Clarify what business users and data scientists get, and crucially what you retain.
[Describe who needs access and in what form, e.g. business-user dashboard, model configuration access.]
Questions for vendors
1. What interface do business users get?
1. What access do our data scientists get to the model and configurations?
1. At contract end, do we keep the model, the pipeline and the insights?

8. Commercial model
Make pricing comparable across very different delivery models.
[State your preferred commercial structure and any constraints, e.g. fixed fee rather than percentage of media.]
Questions for vendors
1. How is pricing structured, and what drives it?
1. Is pricing fixed or a percentage of our media spend?
1. What is the all-in three-year total cost, including our internal time?
1. What happens to cost as our spend or scope grows?

9. Proof on your own data
De-risk the decision by asking vendors to demonstrate on your data before a full commitment.
[Describe the data you can make available for a proof phase and the outcome you want to see.]
Questions for vendors
1. Will you prove the approach on our own data before full commitment?
1. What does a paid proof phase include, and what does it cost?
1. What do we keep from the proof regardless of whether we proceed?



Section B: Vendor evaluation scorecard
Agree the weighting before reading any response. Score each vendor 1 to 5 on each criterion, multiply by the weight, and total. The weights below are a starting point; adjust them to your priorities. Methodology, validation and cadence are weighted highest because they determine whether the output is trustworthy and timely.

	Evaluation criterion
	Weight %
	Vendor A
	Vendor B
	Vendor C

	Methodology (specification, adstock, saturation, base)
	 
	 
	 
	 

	Refresh cadence (continuous vs periodic)
	 
	 
	 
	 

	Validation and causality (experiment calibration)
	 
	 
	 
	 

	Ownership and lock-in (what you keep at the end)
	 
	 
	 
	 

	Transparency and explainability
	 
	 
	 
	 

	Coverage of the full mix (incl. offline and base)
	 
	 
	 
	 

	In-housing pathway and training
	 
	 
	 
	 

	Data and stack integration; privacy
	 
	 
	 
	 

	Commercial model and 3-year total cost
	 
	 
	 
	 

	Proof on your own data
	 
	 
	 
	 

	Weighted total
	100
	 
	 
	 


Scoring guide: 1 = does not meet, 2 = partial, 3 = meets, 4 = exceeds, 5 = best in class. Weighted score = score × weight. Highest weighted total wins, but sanity-check against proof on your own data.


About this template
This template is provided by MASS Analytics, pioneers of democratising MMM with more than 12 years building actionable models. It is yours to use freely with any vendor.
The fastest way to separate vendors is to ask each to prove the approach on your own data. A wastage assessment does exactly that: it uses your own spend and channel data to estimate the recoverable waste in your current setup, with no personal data required and no rip-and-replace. You keep every output regardless of whether you continue.
Start a wastage assessment: mass-analytics.com/measure-to-win
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